Among these indicators, the first three (z 1 , z 2 and z 3 ) are related with the growth rate of population. A larger number of children in the 0-6 age group indicate that the population is growing faster, which might prove to be a drag on development. The second group of two indicators (z 4 and z 5 ) relate to literacy, which is socially as well as economically enabling. The larger proportion of main workers in the male population (z 6 ) opens opportunities to higher earning for the family. However, a larger proportion of main workers in the female population (z 7 ) might play a dubious role. In urban societies, working women add substantially to the household income and pave a way to higher economic well being. But Meghalaya is as yet a predominantly rural state. Working of women outdoors is customarily discouraged in the rural society. Women do rule at home, but are not very active out of the household. Only economic compulsion, needed for the sustenance of the family may bring them out for work (which, by the way, is not very lucrative). This reason applies to female participation as agricultural workers (z 9 ) and other occupations (z 11 , z 12 ) too. Non-workers in the female folk are more associated with prosperity (z 13 ). The leisure class culture (Veblen, 1899) prevails as yet.
The ratio of agricultural workers to cultivators (z 8 ) obviously reflects concentration of land holdings in fewer hands. Concentration of land ownership possibly may lead to higher savings and investment, but it is more unlikely in the economy of Meghalaya. It is rather indicative of those forces operating in the economy that lead to concentration of productive resources in fewer hands possibly pauperizing/excluding many others from the advantages of owning the resources. Development, however, is almost always associated with a tendency to such concentration. In Meghalaya too, private ownership of land is fast replacing the traditional community ownership.
We examine these indicators overall as well as disaggregated for rural and urban sectors. They might have different roles at the disaggregated levels.
Construction of Composite Index:
The complex of the thirteen indicators over seven districts (as well as the state level) overall and also disaggregated at the rural/urban level may not readily give us a comprehensive picture. Therefore, we have to construct an index by assigning weights to the indicators and aggregating them.
The methods of constructing composite indices are many, but they may be classified into two types: the one that determines weights on extraneous information (judgment, expert opinion, or some other data/information) and the other that derives weights mathematically from the indicators themselves (Mishra, 2007-b) . Presently, as we have no extraneous information to determine the weights of indicators, we will determine them mathematically.
The Principal Components analysis (PCA) is perhaps the most popular method of assigning weights to different indicators and constructing a composite index. It aggregates the weighted indicators such that the sum of the squared coefficients of correlation between the composite index and the indicator variables (SSR) is maximized. However, its efficiency depends on the strength of correlation among the indicators. If the indicators are weakly correlated, the index has only a weak power of representation.
The Principal Components method has another drawback. With an objective to explain the largest possible variance in the data (indicators), which amounts to maximizing the sum of the squared coefficient of correlation between the index and the indicators, it has no regards to representation of individual variables. It may undermine some indicators if so doing it can meet its objective better. So often, the result is that when the indicator variables are poorly related among themselves, some of them are marginalized to find no representation in the composite index. Thus, if the indicators are poorly correlated among themselves, the Principal Components Indices are often elitist.
However, one may construct a composite index by maximizing SAR or the sum of absolute product moment correlation coefficients between the index and the indicator variables (Mishra, 2007-a) . The optimal properties of the Principal Components index guarantee that no linear aggregation of the indicator variables other than the one obtained by the PCA can ever explain the variance in the indicator variables better (or even at par). Therefore, the alternative index maximizing the sum of absolute coefficient of correlation between the index and the indicator variables must be inferior to the PCA index on this count. But the trade off is between the overall representation (explaining the variance) and the representation of individual variables, which might have their own socio-economic importance that cannot be undermined only to gain a slightly more (overall) explanatory power (or SSR). The alternative index secures representation at the cost of slightly lower power of explaining the total variance in the indicator variables.
We will call the PCA Index I 2 and the alternative index I 1 . We construct both types of indices and examine their implications. 
The Findings and Interpretation:
The composite indices (PCA I 2 and ABS I 1 ) that we obtain from our endeavour are indeed the indices of exclusion. The correlation coefficients of the indices (Table-3 ) are positive with z 1 , z 2 , z 3 , x 7 , z 9 , z 11 and z 12 . The first three indicators are of higher population growth and next four relate to participation of women folk in the workers category. These variables vary inversely with development. The correlation coefficients of the indices are negative with z 4 , z 5 , z 6 , z 8 , z 10 and z 13 among which z 6 , z 8 , z 10 are weakly correlated with the PCA I 2 . Of these, the first two relate to literacy. Male work participation, agriculture worker to cultivator ratio, working in the household industries and non-working female population are also related with better economic status. A negative correlation of these indicators with the indices is again pointing to the fact that our indices are the indices of exclusion.
The PC index (I 2 ) undermines correlation of the index with three indicators, z 6 , z 8 and z 10 . However, the alternative index (I 1 ) substantially improves their representation. For this, a small cost is paid by I 1 in terms of reduction of the overall explanatory power (vis-à-vis I 2 ) by about 1 percent of the total variance of the indicator variables. In this sense I 1 is a better index than I 2 .
Which religious communities are included or excluded more intensively? Since we have obtained the index of exclusion, larger values of the index signify more intense exclusion. Overall, the Hindus obtain larger values. In particular, Hindus in the rural areas of Meghalaya are indeed in a disadvantaged position. But in West Garo Hills, Ri Bhoi and East Khasi Hills, the Hindus are in large numbers. In these districts the intensity of their exclusion is relatively less. On the other hand, in the urban segment (except in the Jaintia Hills) the Hindus are better off than the Christians, but not the Muslims. In the urban sector of Jaintia Hills there is a very large migratory population of Hindus, who came there for work in the mining activities. The socioeconomic condition of labourers in the mining sector is deplorable.
In the urban as well as the rural areas, the Muslims are better off than the Hindus. This finding runs countrary to the generally held view that the Muslim community is more deprived (Mistry, 2005) . They are better off than the Christians too in the urban segment of population. As a matter of fact, the Christian population in the urban areas is more excluded than the Hindus as well as the Muslims. Of course, the Christians are better off than others in the rural areas.
It appears that in the (overall) urban segment of Meghalaya's economy the migrant population of the Hindus as well as the Muslims has won advantages vis-a-vis the Christian population (most of whom migrated to the towns from the local rural surroundings in search of livelihood). The urban accretion in Meghalaya has not been much rewarding to the local people.
Our study reveals, above all, that numerical dominance of population by itself does not lead to socio-economic inclusion. Numerical dominance of population of a particular category in any area, if caused by their economic ejection in other areas or by the urban accretion, may result only in exclusion. On the other hand, selective migration may be inclusive.
Concluding Remarks:
Based on the data thrown up by the Census-2001 of India, we have constructed two composite indices of exclusion by weighted aggregation of 13 socio-economic indicators. In our opinion, the composite index (I 1 ) obtained by maximization of the absolute coefficients of correlation of the index with the indicator variables performs better than the index (I 2 ) constructed by the principal components analysis. A perusal of the index (I 1 ) reveals that while the Christian segment of population (which is in a great majority) in the rural areas of Meghalaya is certainly better off than its Hindu or Muslim counterparts, it scores comparatively poorly in the urban areas of Meghalaya. In the urban areas, the Muslim segment of the population is in the most advantageous position, followed by the Hindus. The Christians segment of population is more intensively excluded from the benefits of development. Thus, numerical dominance of a particular religious community does not entail socio-economic advantages. The advantages of numerical dominance may well be absorbed by the intra-community inequalities in the command over resources and opportunities. Tables   Table-1 Contact: mishrasknehu@yahoo.com
